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In assembly manufacturing lines, work analysis is required to understand and improve productivity. This involves
measuring work time and checking the accuracy of work procedures. Traditionally, these measurements have been
done manually through visual observation, which requires significant effort and makes automation of measurement
and analysis challenging. Recently, research on Temporal Action Segmentation, which segments work videos into
basic action units, has been actively conducted, and many deep learning models have been proposed. However,
these models require high-cost annotations with action labels for each frame, posing a challenge for practical
implementation. In this study, we examined the performance of action segmentation in assembly processes using a
CLIP-based model called Caseg, which can input action labels as linguistic information. By providing action labels
extracted from assembly standards as prompts, we achieved a certain level of accuracy in inference. This suggests
the potential to contribute to the practical implementation of action segmentation while reducing annotation costs,

and we report these findings.
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12 (20%) MS-TCN 80.86 72.39 71.97 69.14 62.64
MS-TCN++ 81.45 78.41 74.77 72.58 64.72
Caseg 82.66 77.52 76.07 73.90 66.25
43 (70%) MS-TCN 83.67 77.58 76.35 74.24 68.17
MS-TCN++ 84.48 84.90 80.03 77.19 71.45
Caseg 83.65 82.24 76.95 74.25 65.74
62 (100%) MS-TCN 85.42 82.38 79.54 78.33 73.20
MS-TCN++ 85.83 84.51 82.71 81.44 75.00
Caseg 85.69 84.03 81.75 80.10 74.83
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